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Abstract
Current advances in sequencing technologies and bioinformatics revealed the genomic
background of rice, a staple food for the poor people, and provided the basis to develop
large genomic variation databases for thousands of cultivars. Proper analysis of this massive resource is expected to give novel insights into the structure, function, and evolution of
the rice genome, and to aid the development of rice varieties through marker assisted selection or genomic selection. In this work we present sequencing and bioinformatics analyses
of 104 rice varieties belonging to the major subspecies of Oryza sativa. We identified repetitive elements and recurrent copy number variation covering about 200 Mbp of the rice genome. Genotyping of over 18 million polymorphic locations within O. sativa allowed us to
reconstruct the individual haplotype patterns shaping the genomic background of elite varieties used by farmers throughout the Americas. Based on a reconstruction of the alleles for
the gene GBSSI, we could identify novel genetic markers for selection of varieties with high
amylose content. We expect that both the analysis methods and the genomic information
described here would be of great use for the rice research community and for other groups
carrying on similar sequencing efforts in other crops.

Introduction
The advent of different gene array and sequencing technologies has made it feasible to conduct
in-depth analysis of genome variation, population structure, pedigree relationships, and
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introgression in rice. Whole genome sequencing (WGS) has been recently carried on in pooled
samples [1, 2], hundreds of individual accessions at low coverage [3, 4], dozens of accessions at
higher coverage [5–8], and recently 3,000 accessions at about 15x coverage [9]. Not surprisingly, all these studies have detected a substantially greater number and diversity of variants compared to Single Nucleotide Polymorfism (SNP) assay methods [10–14], allowing an
understanding of the genetic variability in rice with an unprecedented level of detail. Some of
these studies have focused on revealing the domestication events leading to the development of
O. sativa from its close wild relatives O. rufipogon and O. nivara. Classical molecular and population structure analysis suggests that japonica and indica varieties arose by independent domestication events followed by exchange of genetic material between the two subspecies [2, 8,
15, 16]. However, regions of extensive allele sharing between indica and japonica and coalescent simulations based first on sequenced gene fragments [17, 18] and later on WGS data [4]
suggest that O. sativa developed from a single origin of O. rufipogon and that the indica varieties were later developed by large gene flow from wild to cultivated rice. Conserved regions
across O. sativa are believed to be the product of selective sweeps fixating genes associated with
traits such as shattering, erect growth, flowering time, and grain quality. Landraces and elite
cultivars of both indica and japonica have also been genotyped, both with SNP array techniques and with sequencing data, and these data has been analyzed, first to understand the genetic diversity within O. sativa [11], later to identify individual introgressions related to
agronomically interesting traits in elite cultivars [13], and finally to identify novel genes related
to complex traits through Genome-wide Association Studies (GWAS) [10, 12, 14]. These and
other studies produced significant advances in the understanding of the molecular basis of different agronomically important traits. Moreover, information produced by these new discoveries is being integrated in genomic databases to facilitate its use in both basic and applied
genetics [19].
Different breeding programs are currently trying to take advantage of all this information
for efficient development of improved varieties through molecular breeding techniques. In the
case of marker assisted selection, effective marker design requires not only the genomic locations related to the trait of interest, but also the allelic variability within the cultivars that are
being used by the breeding program [20]. Although previous sequencing efforts [4, 9] have
generated information primarily from diverse, unadapted germplasm, rapid breeding advances
will be based first on elite japonica or indica varieties already adapted to target environments.
Therefore, improved varieties need to be sequenced to assess the extent of variability within
adapted O. sativa germplasm at sequence resolution, to identify alleles that could be readily
combined to drive rapid varietal improvement, and to prioritize low diversity regions requiring
introgression of foreign alleles for further improvement.
The International Center for Tropical Agriculture (CIAT) and the RiceCAP project (http://
www.uark.edu/ua/ricecap) initiated separate efforts to perform whole genome sequencing of
elite germplasm that have been extensively used by breeders in Latin America and United
States respectively. The fact that most of the elite lines of Latin America have an indica background and most of the U.S. elite lines have a tropical japonica background, enforced data
sharing between these two initiatives enabling a comprehensive comparative genomic analysis
of both groups of elite lines. This led to identify most of the genomic variation and admixture
patterns shaping the genetic structure of the elite cultivars currently used by breeders in their
specific environments. Accurate identification of subspecies-specific haplotypes was enforced
combining publicly available sequencing data for 50 additional varieties [7], which includes
not only accessions from indica and japonica cultivars, but also accessions from other groups
within O. sativa such as aus and aromatic, and 10 wild relatives (5 O. rufipogon and 5 O.
nivara). In this manuscript we describe the bioinformatic analysis that we carried out over
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extensive whole genome sequencing data to produce the comprehensive information resource
on genomic variability described above, and discuss the use of this resource for further development of improved varieties through marker assisted selection.

Materials and Methods
Plant materials and accessions
We performed whole genome sequencing (WGS) of 21 elite cultivars from the CIAT rice
breeding program and 33 elite cultivars from the United States rice breeding program (see S1
Table for details). These materials comprise a diverse representation of elite lines and commercial varieties from North and South America and Asia that exhibit desirable attributes for high
grain yield, cooking quality, disease resistance, plant height, and maturity. Breeders consider
these lines as highly relevant for rice improvement in the Americas. CIAT varieties include two
advanced lines from IRGA (Instituto Rio Grandese do Arroz do Brasil), two from INIA-Uruguay (Instituto Nacional de Investigación Agropecuaria de Uruguay), five from Fedearroz
(Federación Nacional de Arroceros de Colombia), one from INIA-Chile (Instituto de Investigaciones Agropecuarias, Chile) and one from Asoportuguesa (Asociación de Productores Rurales del Estado Portuguesa, Venezuela). Varieties from United States include one advanced line
from IAC (Instituto Agronômico de Campinas, Brazil) and two from the Guanxi University of
China. To relate our sequencing data with previous knowledge on rice variability, we reanalyzed WGS data publicly available at the NCBI SRA database for 50 accessions available at the
International Rice Research Institute (IRRI), which were previously analyzed by [7]. These include 40 accessions distributed among the major populations of O. sativa and 10 varieties from
the close wild relatives O. rufipogon and O. nivara.

DNA sequencing
Each variety from the CIAT collection was planted in the greenhouse facility at CIAT. Genomic DNA was prepared from a single plant as follows: 1 g of leaf tissue of a 45-DAP seedling
was collected and ground with liquid nitrogen. DNA was isolated according to the urea-phenol
extraction protocol modified from [21]. DNA quality was tested before whole-genome sequencing so that the concentration exceeded 500ng/μL and the A260/280 ratio was 1.8. DNA
was sequenced on the Illumina HiSeq 2000 by the Yale Center for Genome Analysis (http://
medicine.yale.edu/keck/ycga/index.aspx). DNA from the U.S. accessions was isolated and prepared for sequencing as described by [22]. All sequencing data generated for this work are
available at public repositories (see Data Availability statement for details). Additional sources
for bulk data access include Gramene (ftp://ftp.gramene.org/pub/gramene/release45/data/vcf/
oryza_sativa/Duitama/), the data store module of iPlant [23], and the European Variation Archive (EVA) [24]. We are working with major online rice genomics data resources such as Gramene [25] and the Rice Annotation Project [26] to provide the annotations and variation data
for rice researchers from their rice genome browser.

Mapping and variant calling
We downloaded the reference genome IRGSP-1.0 [27] from the Rice Genome Annotation
Project web page (http://rice.plantbiology.msu.edu/), including their corresponding GFF3 file
with gene functional annotations. We used the NGSEP pipeline [28] to align reads to the reference and discover SNPs, indels, repeats and Copy Number Variants (CNVs). NGSEP uses
bowtie2-2.1.0 [29] for read alignment, which we ran with default parameters, except for the
maximum number of alignments per read, which we set to 3, and the minimum and maximum
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fragment length for valid paired-end alignments, which we estimated separately for each variety aligning their first 250000 fragments and then plotting the distribution of estimated insert
lengths (Script available at the NGSEP web site http://sourceforge.net/projects/ngsep/files/
Library/scripts/). We used the recommended parameters of NGSEP for analysis of WGS data:
1) Minimum genotype quality 40; 2) Maximum value allowed for a base quality score 30; and
3) Maximum number of alignments allowed to start at the same reference site 2. We set the
prior heterozygosity rate (h option) to 0.0001 to give a larger prior probability to homozygous
genotypes. We also used NGSEP for functional annotation of variants, filtering, and conversion
from VCF to other formats for further downstream analysis. Flapjack software [30] was used
for visualization of SNP genotypes across the samples. To identify characteristic CNVs for a
population we used the following procedure: given two populations P1 and P2 and a CNV that
is identified in x1% of P1 and x2% of P2 with an average number of copies n1 and n2 for P1 and
P2 respectively, we call such CNV characteristic for P1 relative to P2 if x1 − x2 > 50% or both x1
> 50% and n1 − n2 > 2.
We ran mrCaNaVaR [31] to compare their predicted CNVs with those predicted by
NGSEP. To make the results comparable, we took as input for mrCaNaVaR the alignments
provided by bowtie2 and we set a long window span of 500bp and a short window span of 100
bp. We did not mask the repetitive regions in the reference genome to allow mrCaNaVaR to
predict CNVs in such regions.

Diversity and population structure
We used the neighbor joining algorithm implemented in SplitsTree4 [32] for construction of
distance-based unrooted dendograms. To obtain confidence values we performed 1,000 replicates of the bootstraping analysis available in SplitsTree4. Dendograms with bootstraping confidence values and branch lengths are available as supplementary material (S1–S4 Files). We
also used SplitsTree4 for visualization of the dendograms. For population analysis we used the
individual-based Bayesian clustering method implemented in STRUCTURE v.2.3.4 [33]. We
assumed the admixture model with correlation of allele frequencies and we varied the number
of populations (K) from 1 to 8. The length of the burn-in period was set on 10,000 and the
number of Markov Chain Montecarlo (MCMC) Reps after burn-in on 20,000. To estimate diversity across the genome, we developed a custom java script that calculates the number of nucleotide changes between each pair of accessions either within a window or within a gene, and
we calculated the average number of pairwise distances for each subpopulation and between
user-defined pairs of subpopulations as suggested by [7]. Genome-wide plots of diversity were
developed using CIRCOS v.0.66 [34]. To calculate the LD-Decay of indica, japonica and overall, we selected high quality SNPs with minor allele frequency (MAF) above 0.1 and then we
ran PLINK [35] using a maximum window of 2Mbp for pairwise calculation of r2 values.

Admixture analysis
We built a custom java script to identify SNPs segregating for at least one of the main seven
Oryza populations (O. rufipogon, O. nivara, aus, aromatic, indica, tropical japonica, temperate
japonica). The script takes as input a VCF file, calculates the allele frequency of the reference allele for each population and retains SNPs in which the absolute difference in allele frequencies
for two populations is at least 0.6. The script also produces an output VCF file with one additional sample column for each subpopulation. This column contains a genotype representing
the most frequent allele within each subpopulation or a heterozygous genotype if the MAF
within the population is greater than 0.4. We built a second script that takes as input this VCF
file and calculates for each variety and each non-overlapping window of 50 SNPs its closest
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population assignment using a simple algorithm described in [36]. In brief, for a given pair of
genotype calls over 50 SNPs, for each SNP the script adds 1 if at least one of the two genotypes
is heterozygous, 2 if the two genotypes coincide, and −2 if the two genotypes are homozygous
and different. Hence, a maximum score of 100 will be obtained for a pair of genotype calls over
a window of 50 SNPs if and only if they are equal and do not contain any missing or heterozygous call. For each variety and each window the script performs a unique population assignment calculating the score between the genotype calls of the variety against the genotype calls
of each of the seven populations. A population will be assigned for a variety within a window if
there are at least 40 SNPs genotyped and the score is at least 50. This assignment will be considered unique if the differece between the best and the second score is at least 10. If a unique assignment cannot be made, the script outputs the names and the scores of the two populations
ranked first and second. Finally, the script also compares the population genotypes against
themselves to identify windows difficult to discriminate due to conservation between
subpopulations.

Screening and SNP genotyping for amylose content
A total of 47 elite indica rice accessions were genotyped using the Fluidigm technology
(EP1TM system) based on SNPtype assays and allele-specific PCR. Screening the same varieties
for amylose content (AC) was carried out in five plants per accession. AC was determined
using a near-infrared spectroscopy (NIRSystems 65001) [37]. To assess significance of the differences between AC for the six haplotypes identified within GBSSI, analysis of variance was
performed using SAS version 9.2 (SAS Institute Inc., Cary, NC, USA) using a significance level
of 0.05, adjusted with the Bonferroni correction [38].

Results
Whole genome sequencing of elite rice cultivars
Collaboration between independent sequencing efforts combined with availability of data from
previous works in public databases allowed us to perform an integrated analysis of whole genome sequencing (WGS) reads for 94 O. sativa varieties and 10 wild relatives (see Methods
and S1 Table for details of the sequenced accessions). The whole dataset includes 3.8 billion
reads and 699 Gbp of raw data. The initial average coverage per sample ranged between 2.87x
and 64.83x. Except for the 13 varieties initially sequenced by the RiceCAP project [22], all
other cultivars were sequenced at over 8x average coverage. We could align over 90% of the
reads to the Nipponbare reference genome for most of the O. sativa accessions and over 80% of
the reads for the O. rufipogon and O. nivara accessions (S2 Table). We ran the NGSEP pipeline
[28] to identify Single Nucleotide Polymorfisms (SNPs), indels, repeats, and Copy Number
Variation (CNVs) on the 104 sequenced samples. We identified over 23 million polymorphic
sites in the whole dataset and we genotyped each of the 104 accessions on these sites. Over 80%
of them fall within repeat elements (see next section for details). Table 1 shows the number of
SNPs obtained using different filtering strategies that we applied to perform the different types
of analysis carried out in this study. From the 4.4 million SNPs found outside repetitive regions,
we could genotype over 95% in at least 50 accessions (S1 Fig). We verified that with an average
coverage above 10X, we could genotype over 80% of these SNPs in most of accessions, although
this percentage was reduced substantially as coverage reduces (S1 Fig). If only the O. Sativa accessions were considered, the number of polymorphic sites in non-repetitive regions was reduced to three million with further reductions observed only if indica or japonica accessions
were evaluated (Table 1). Approximately 13% of the selected SNPs were located in coding (non
intronic) regions no matter which subpopulation was considered. For each filtering strategy
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Table 1. SNPs among 104 rice cultivars.

All samples

O. sativa

Indica

Japonica

No ﬁlter

Filter 1

Filter 2

HQ (Filter 3)

Total

23,389,776

4,416,199

669,874

84,578

Synonymous

2,016,496

241,765

37,300

6,516

Missense

2,419,534

332,340

40,950

6,082

Nonsense

137,681

9,659

777

76

% coding

19.55%

13.22%

11.80%

14.98%

dN/dS

0.56

0.53

0.38

0.27

Total

18,572,995

3,027,636

671,175

106,193

Synonymous

1,711,097

167,483

37,514

7,273

Missense

1,987,782

236,975

42,758

7,358

Nonsense

109,757

6,873

843

109

% coding

20.51%

13.59%

12.09%

13.88%

dN/dS

0.57

0.53

0.39

0.29

Total

11,158,840

1,696,132

870,257

208,384

Synonymous

1,124,730

97,690

49,166

14,947

Missense

1,180,787

134,316

60,396

15,367

Nonsense

61,229

3,733

1,475

257

% coding

21.21%

13.90%

12.76%

14.67%

dN/dS

0.53

0.45

0.39

0.28

Total

9,220,167

1,587,839

544,560

127,419

Synonymous

831,744

92,171

32,404

8,551

Missense

956,359

128,613

39,855

9,108

Nonsense

48,153

3,516

857

162

% coding

19.92%

14.13%

13.43%

13.99%

dN/dS

0.55

0.47

0.36

0.26

SNPs obtained for the 104 varieties analyzed in this study the subset of varieties belonging to the O. sativa species (removing the 10 O. ruﬁpogon and O.
nivara wild relatives), the varieties clustered within the indica subtree, and the varieties clustered within the japonica subtree. The last three columns show
the number of SNPs retained after applying three progressive ﬁlters: 1) Remove SNPs within identiﬁed repetitive regions in Nipponbare, 2) Remove
singleton SNPs (e.g. with the minor allele present in only one variety) and SNPs in regions in which at least three varieties report copy number variation,
and 3) Remove SNPs in which at least one variety reports copy number variation, SNPs located less than 10 bp away from any other variant, and SNPs
with less than 80 individuals genotyped.
doi:10.1371/journal.pone.0124617.t001

and each subpopulation, we calculated average dN/dS ratios over transcripts with at least one
synonymous mutation and we found that, as filters become more stringent, dN/dS values consistently reduce from 0.57 to 0.26. This outcome can be explained not only by the increase in
genotyping specificity obtained after applying the different filters, but also by the fact that after
removing variants within repeat elements or recurrent copy number variation events, the single
copy genes affected by the remaining variants tend to be more conserved to prevent complete
loss of function. Only up to 1.5% of the SNPs outside repeat regions produced a stop codon
and this percentage was decreased as more stringent filters were applied. As expected, more
than 60% of the SNPs in the entire dataset exhibited minor allele frequencies (MAFs) below
0.05 because they were only polymorphic within the 10 O. rufipogon and O. nivara accessions
(S2 Fig). Rare alleles were also predominant within O. Sativa, but the percentage decreased to
45% (compared to the percentage obtained including wild relatives). Within the indica subpopulation, SNPs with MAF between 0.05 and 0.15 were more common than SNPs with MAF
below 0.05. Finally, about 50% of the SNPs within japonica showed MAF below 0.05, mainly
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due to the small representation of temperate japonica compared with tropical japonica and the
lower overall diversity within japonica.
For further validation of our genotype calls, we built neighbor-joining dendograms using
the genetic distances estimated from the high quality SNPs (filter 3 in Table 1) identified in the
whole dataset and within each subpopulation (Fig 1a, S3 Fig and S1–S4 Files). The dendograms
were consistent with those shown in previous studies [4, 7]. Nonetheless, we obtained a clearer
separation between indica and O. nivara accessions when compared with [7] presumably due
to greater number of indica accessions included in our analysis. Population structure analysis
of the high quality SNPs within O. sativa accessions consistently separated the indica, aus, aromatic, temperate japonica and tropical japonica populations as values of the number of allowed
populations increased from 2 to 5 (S4 Fig). Pairwise Fst values predicted by structure [33] ranged from 0.1 for tropical vs. temperate japonica to 0.37 for indica vs temperate japonica. These
pairwise Fsts were smaller than previously reported [4] probably because the elite lines in our
study contributed large haplotypes of outgroup introgressions that reduced the overall segregation between indica and japonica. We calculated for each population and for each filtering
strategy the number of private SNPs (polymorphic in only one population) (S5 Fig) and we
found that the groups indica and O. rufipogon showed the largest number of private SNPs and
that aromatic and temperate japonica showed the smallest numbers of private SNPs. We finally
calculated the linkage disequilibrium (LD) decay for O. sativa, indica and japonica and we
found that, consistent with previous studies [3, 14], the LD-decay was faster for indica compared to japonica and to O. sativa (S6 Fig).
To compare diversity within and between indica and japonica across the genome, we calculated the average number of pairwise SNP differences without filters over 100 kbp (kilobasepair) windows. We selected accessions with coverage greater than 10x clearly clustering within
the indica or the japonica groups (not including aus and aromatic), and we estimated diversity
within indica, within japonica, between indica and japonica, and for the whole group. Diversity
values (pairwise differences per kbp) were on average 2.58 within indica, 1.96 within japonica,
5.9 between indica and japonica, and 3.93 overall. These values were about two times larger
than those reported by [4] for low coverage sequencing (below 2x), but were relatively consistent with those reported by [7] for the subset of 50 accessions with over 10x coverage also included in this study. Having low coverage per sample reduces the percentage of genotyped sites
which consequently reduces the number of differences identified for each pair of samples. The
overall Fst between indica and japonica, estimated from these averages as one minus the proportion of the diversity within groups relative to the diversity between groups [7], was 0.64. Although the number of indica accessions included in this analysis (23) was smaller than the
number of japonica samples (38), the indica population showed greater overall diversity than
japonica, which is consistent with previous studies [4, 11, 14]. However, this pattern of diversity is not consistent across the whole genome. Fig 1b shows the array of diversity for japonica
and indica, and the Fst between indica and japonica. Large regions of almost complete differentiation (Fst close to 1) between indica and japonica are observed in every chromosome. However, in most of the genes known to be related to domestication traits the differentiation between
indica and japonica and the diversity of both populations is reduced. The longest region of conservation for both populations is located between 10 and 15Mbp of chromosome 5. Indica-specific conserved regions can also be observed in chromosome 7, 8, and the start of chromosome
9. We calculated diversity values for the indica population within the selective sweeps reported
by [4] for indica (S7 Fig) and we found that the average diversity in these regions reduced to
1.44 for indica becoming almost equal to the estimate for japonica (1.46). Moreover, we found
that 48 of the 60 selective sweeps contain windows in which the diversity within indica was
below 1.
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Fig 1. Genome-wide diversity patterns for sequenced cultivars of indica and japonica. a) Neighbor joining dendogram for the full dataset of accessions
analyzed in this study. b) Moving from within to outside, the circles have the following information: 1). Density of repeat elements (0% to 100%). 2) Diversity
within japonica (0–10). 3) Diversity within indica (0–10). 4) Pairwise Fst between indica and japonica (0–1). For each population, diversity is estimated in
100kbp windows as the average number of pairwise differences per kilobasepair (See methods for details). Green colors indicate values close to the
maximum on each category (or larger for the case of diversity values). Red colors indicate values close to zero. Yellow colors indicate intermediate values.
Genomic locations of genes related to selective sweeps are shown in red lines.
doi:10.1371/journal.pone.0124617.g001
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Repetitive elements and novel structural variation
Merging results from independent analysis of each sequenced variety, we developed a catalog
of 164,372 repetitive regions covering 176.9 Mbp (roughly 45%) of the rice genome. As expected, centromeres and telomeres showed a high density of repeat elements (Fig 1b). Repeat
density was also high in known large duplication events such as the starts (first two Mbp) of
chromosomes 11 and 12 [39]. We compared the repeats identified using NGSEP with a catalog
of annotated repeat elements generated by Rod Wing at The University of Arizona (personal
communication). We found that about 80% of the DNA identified as repetitive by NGSEP was
annotated as a repeat element and that 78% of the annotated elements were covered by NGSEP
repeat regions. A majority (98%) of the annotated repeats that NGSEP could not identify have
lengths below 500bp. This is expected because reads can be aligned uniquely to short sparsed
repeats taking advantage of the paired-end information. The longest region not identified by
NGSEP is a 6.2Kbp region on chromosome 6 covering the retrotransposon LOC_Os06g50200.
A blast search of this region back to the reference genome shows that the second best hit only
has an alignment length of about 1,924 bp and an identity of 71.73%, which means that although this retrotransposon is a member of a repeat family, it has accumulated enough mutations to be considered a unique sequence for alignment purposes. Similar analysis of other
three missed repeats with lengths above 5,000 bp yielded the same outcome. Nevertheless, following a conservative approach for the downstream analysis, we merged the annotated elements with the repeats identified by NGSEP to produce a unified annotation of repeats in the
reference genome (hereafter referred to as repeats). We used this unified dataset for characterization of other types of variants. We further compared these repeat regions with the sequences
masked as repeats in the version of the reference genome available in the RAP-DB web page
(http://rapdb.dna.affrc.go.jp/) and we found that 154.3Mbp (96.65%) of the 159.6Mbp masked
by RAP-DB are covered by the regions described above.
We performed on each sample the read-depth analysis provided by NGSEP to identify regions with copy number variation (CNVs). For this analysis we discarded 29 accessions for
which the read-depth distribution suggested that coverage was not evenly distributed along the
genome (S2 Table). We compared the CNVs identified for 21 indica, 12 temperate japonica,
and 18 tropical japonica varieties, which were chosen following the clusters observed in the distance trees. To facilitate comparisons among samples and events with variable lengths, we retrieved and compared the copy number estimation for each sample on non-overlapping bins of
100bp across the genome. For each group we identified between 2.3 and 2.8 million bins with
duplication events and between 475 and 725 thousand bins with deletion events. This represents over 10 times more variation than that observed using high-density array comparative genomic hybridization [40] or using the read-depth analysis carried on by [7] for 50 accessions.
Figs 2a and 2b shows the distribution of bins with duplication and deletion events as a function
of the percentage of samples in which the variation was discovered. Between 55% and 65% of
the bins with duplications and between 70% and 95% of the bins with deletions were reported
by less than half of the samples within each subpopulation. We also found that most of the bins
with duplications (over 97% for common duplications) overlap with repeats. In contrast, only
65% of the bins with predicted deletion events overlap with repeats. After removing bins within
repeats and bins with events reported in less than half of the samples within each population,
the number of bins with CNVs was reduced to 105,606 for indica, 58,896 for tropical japonica
and 30,158 for temperate japonica. This is expected because most of the common duplications
within the temperate japonica accessions in our study should already be identified as repeats in
the Nipponbare reference sequence which is also temperate japonica. Likewise, common deletions within temperate japonica should mostly correspond with DNA present in Nipponbare
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Fig 2. Comparison of CNV calls in rice cultivars. Number of 100bp bins with a) duplications, and b) deletions discriminated by the percentage of each
population in which the event is reported (red: Indica, blue: japonica overall, yellow: tropical japonica, and light blue: temperate japonica). The lines indicate
the percentage of bins for each category falling within repetitive regions in Nipponbare. c) Number of bins not spanning Nipponbare repeats with predicted
CNVs common for each subpopulation (indica, japonica, tropical japonica, and temperate japonica) discriminated by the predicted copy number, being two
the normal copy number for a diploid region. d) Example of a discriminative duplication between indica and japonica. Reads taken from the two copies of this
region present in indica samples align to the same genomic location producing clusters of heterozygous SNPs. Colors in the left panel differentiate the
following groups: O. rufipogon (RUF), aromatic (ARO), temperate japonica (TEJ), tropical japonica (TRJ), indica (IND), aus (AUS), O. nivara (NIV), and
admixed (ADM). Homozygous genotype calls carrying the reference allele are colored blue. Homozygous genotype calls carrying an allele different from the
reference are colored red. Heterozygous genotype calls are colored half blue and half red.
doi:10.1371/journal.pone.0124617.g002
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and absent in other temperate japonica cultivars. Consequently, filtering out repetitive regions,
recurrent duplications are more common than recurrent deletions within temperate japonica,
whereas recurrent deletions are more common than recurrent duplications within tropical japonica and within indica. Fig 2c shows the distribution of bins with common CNVs in non-repetitive regions for different average numbers of copies. For every population, homozygous
deletions were twice more common than heterozygous (copy number 1) deletions. Moreover,
homozygous duplications (copy number 4) were twice more common than heterozygous duplications (copy number 3). Although we do not have a gold-standard set of CNVs to perform
a systematic comparison with other methods, we performed an initial comparison of the CNVs
identified using NGSEP with the CNVs identified using mrCaNaVaR [31]. On average MrCaNaVaR called deletions on about 70 Mbp for each variety, which is close to 4 times more genomic sites for indica and close to 6 times more sites for japonica compared to NGSEP (S8 Fig).
MrCaNaVaR also called 1.5 more regions as duplications for both indica and japonica varieties
compared to NGSEP. For most of the samples over 80% of the deletions and over 70% of the
duplications identified by NGSEP were also identified by mrCaNaVaR, which provides additional confidence on the events called by NGSEP.
Finally, we performed pairwise comparisons among the indica, tropical japonica, and temperate japonica populations to identify CNVs characteristic of a particular population (See
methods for details). We found over two times more bins with characteristic CNVs for indica
relative to temperate japonica or to tropical japonica than the opposite (S3 and S4 Tables). We
also detected three times more bins with characteristic CNVs for indica relative to temperate
japonica than characteristic CNVs for tropical japonica relative to temperate japonica. Consistent with the percentages observed within each population, * 64% of the bins within characteristic deletions and * 96% of the bins within characteristic duplications overlap repeat
regions. Fig 2d shows the SNPs identified in a characteristic indica duplication relative to japonica. Most of the SNPs in this region appeared as heterozygous in the indica varieties because the reads that were sequenced from different copies of indica cultivars align to the single
copy present in Nipponbare and differences between copies were identified as clusters of heterozygous SNPs.

Diversity and haplotype patterns in agronomically important genes
Elite cultivars have been developed over the last decades by breeders looking for introgression
of specific alleles to improve desirable traits such as high yield, grain quality or resistance to
abiotic and biotic stresses. Starting from the 670 thousand non-singleton SNPs in non-repetitive regions and regions with up to two CNVs (Filter 2 in Table 1), we selected 329,819 SNPs
that segregated in at least one of the seven identified populations (aus, aromatic, indica, O.
nivara, O. rufipogon, temperate japonica and tropical japonica). After identifying the most frequent allele of each SNP within each population, we selected non-overlapping windows of 50
SNPs and calculated for each accession its most likely population origin for each window based
on its observed haplotype pattern (See Methods section for details). For most of the varieties sequenced at 10x or more, this analysis identified unique population assignments for at least 100
Mbp. As expected, characteristic haplotypes of temperate and tropical japonica were the most
difficult to differentiate. The complete table of population assignments for the 104 varieties is
included as a supplementary material (S5 Table).
To assess potential functional effects of the observed patterns of admixture, we selected the
SNPs within or close to genes that have been identified as related to agronomically important
traits and summarized in the OGRO database [19]. Fig 3a shows the average diversity values
for the genes included in the 25 minor trait categories proposed by [19]. As expected, average
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Fig 3. Diversity within agronomically important genes. a) Average diversity (average number of pairwise differences per kilobasepair) for genes grouped
following the minor categories defined in the OGRO database. Red and blue dashed lines indicate average diversity values across the whole genome
(including non-genic regions) within indica and within japonica respectively. The green dashed line, showing the average pairwise Fst between indica and
japonica, is scaled in the secondary Y axis. b) SNPs identified within the gene LOC_Os02g40860 in the 104 varieties analyzed in this study. Characteristic
alleles of the temperate japonica haplotype are painted blue. Vertical dashed rectangles show the locations of the two missense SNPs with high minor allele
frequency within indica. The horizontal rectangle shows the haplotype of the variety Camponi. Colors in the left panel differentiate the following groups: O.
rufipogon (RUF), aromatic (ARO), temperate japonica (TEJ), tropical japonica (TRJ), indica (IND), aus (AUS), O. nivara (NIV), and admixed (ADM).
doi:10.1371/journal.pone.0124617.g003
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diversity values within coding regions were lower than averages for the whole genome both
within indica and japonica. Peaks of high diversity within indica were observed for genes related to lethality, insect resistance, blast resistance, and other disease resistance. Within japonica
large diversity was observed for resistance to diseases such as sheath blight caused by Rhizoctonia solani, blast caused by Magnaporthe grisea and other diseases. These patterns were generally consistent with traits prioritized by CIAT and LSU in their breeding programs.
The peak observed for lethality (Fig 3a) is partly explained by the fact that only two genes
are included in this category (LOC_Os02g40860 and LOC_Os04g38950). The gene
LOC_Os02g40860 is a member of the casein kinase I family and it has been related to hybrid
weakness and growth retardation [41]. Allelic variation in our dataset shows three more or less
differentiated haplotype patters for temperate japonica, tropical japonica and indica, as well as
a large number of low frequency SNPs (Fig 3b). Part of the increased variability within tropical
japonica and within indica is produced by introgression of haplotypes characteristic from temperate japonica identified in the tropical japonica cultivars Carolina-Gold, Carolina-Gold-Select, LM-1, Arias, Binulawan, Canella-de-Ferro, Curinga, Esperanza and Parao, as well as in the
indica cultivar Camponi. Although eight missense SNPs were identified for LOC_Os02g40860,
six of them had their minor allele present in only one or two varieties. Two missense SNPs in
exons 2 and 13 showed relatively high MAF within indica and hence could be potentially useful
to track indica-specific alleles of this gene. Conversely, the introgression observed in Camponi
should facilitate interspecific crosses of this cultivar with temperate japonica lines (compared
with other indicas) because the effect of autoimmunity observed by [41] should not be observed in this case. The gene LOC_Os04g38950 is a glutamine amidotransferase which has
been shown to produce dwarfing, narrow leaves, short roots and abnormal flowers if silenced
[42]. Our data shows almost complete conservation of this gene within japonica and an indicaspecific haplotype pattern composed by 34 SNPs (S9 Fig). Three of these SNPs located in exons
1 and 2 produce changes in the aminoacid sequence. Most of the variability observed in this region within indica is explained by the introgression of the japonica haplotype in the varieties
Ai-Chiao-Hong, Guan-Yin-Tsan, Leungpratew, IR8, Camponi, CT21375, Fedearroz50 and
Oryzica 3.

Novel SNP markers for amylose content
For breeding purposes, one of the main goals of performing sequencing of elite cultivars is the
identification of markers that could be used for marker assisted selection. Bearing this in mind,
we investigated the variation observed within the gene GBSSI, located at 1.76Mbp of chromosome 6, which is known to be related to amylose content [43]. We identified a total of 112
SNPs close to this gene, 82 of them only variable in the admixed variety HaishaCaman (Fig 4).
From the remaining 30 SNPs, the minor allele of 17 was carried by at least four varieties. Three
of these SNPs (termed Waxy-1, Waxy-2, and Waxy-3) were previously reported as markers for
amylose content [44, 45]. Waxy-1 is located in the first splicing site of one of the transcripts
identified for GBSSI which probably blocks transcription of this isoform. In this case the defective allele is the minor allele in our population and it is mostly present in temperate japonica
accessions. Waxy-2 and Waxy-3 produce single amino acid changes in exons 6 and 10 respectively. For both markers, the advantageous allele is more frequent in indica than in japonica, although the advantageous allele of Waxy-2 is also frequent in temperate japonica. Besides these
markers, we selected four additional SNPs with the minor allele present mostly in indica cultivars and we termed them Waxy-4, Waxy-5, Waxy-6 and Waxy-7. Waxy-4 and Waxy-5 are located about 800 bp before the transcription start site. Waxy-6 is located within the first intron,
and Waxy-7 is a synonymous SNP in exon 9.
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Fig 4. Observed haplotype patterns within the gene GBSSI for O. sativa accessions. Alleles of the temperate japonica variety Haginomae Mochi
(dashed rectangle), which has the defective alleles for Waxy-1 to Waxy-7, are colored blue. Arrows indicate locations within the gene for the discriminative
SNPs Waxy-1 to Waxy-7. Colors in the left panel differentiate the following groups: aromatic (ARO), temperate japonica (TEJ), tropical japonica (TRJ), indica
(IND), aus (AUS) and admixed (ADM). The table below shows the six haplotype configurations in an independent group of 48 indica elite varieties with
variable amylose contents. The last two columns are the number of samples showing the haplotype and the average amylose content for each haplotype.
Characters a, b, c and d in the last column differentiate haplotypes with significant differences in amylose content.
doi:10.1371/journal.pone.0124617.g004

We genotyped these seven markers in a population of 47 indica accessions with variable amylose content using the Fluidigm chip technology. Consistent with previous studies [43], we
found that the haplotype built with the advantageous alleles of Waxy-1, Waxy-2 and Waxy-3,
and the indica allele of Waxy-4, Waxy-5, Waxy-6 and Waxy-7 showed the highest amylose
contents. Moreover, the indica allele of Waxy-4, Waxy-5, and Waxy-7 significantly differentiates varieties with high and low amylose content. We tested each marker independently for relationship with the trait and we found that, except for Waxy-2, all markers were significantly
related to amylose content. Waxy-4 and Waxy-5 are in complete linkage disequilibrium (LD)
and they are also in almost complete LD with Waxy-6 and Waxy-7, although a few recombinants between these markers were observed in the sequenced varieties. These results suggest
that either Waxy-4, Waxy-5, or another variant upstream of GBSSI and in high LD with Waxy-
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4 and Waxy-5 spans a cis-regulatory region of GBSSI and hence plays a role in the transcription
efficiency of this gene.

Discussion
Genetic improvement of cultivated plants for increased yield in different environments is one
of the most important strategies for significant improvement in food production and hunger
alleviation in a rapidly growing human population [20]. The use of high throughput sequencing technologies will generate nearly complete genomic information of entire genebanks,
which will boost the development of improved varieties by breeding programs using molecular
techniques [9]. Bearing this in mind, sequencing efforts were initiated at CIAT, the USDA
RiceCAP program, the USDA-ARS Genomics and Bioinformatics Research Unit, Stoneville,
MS, and at LSU to obtain detailed genomic information for elite cultivars largely used by farmers throughout the Americas. Collaborative bioinformatic analysis of the sequencing data in
conjunction with publicly available datasets provided us an in-depth understanding of our elite
germplasm allowing identification of the haplotype patterns shaping the genetic architecture of
each cultivar. To validate the accuracy of our SNP calls, we performed different standard population genomics analyses to reveal the overall population structure and the array of diversity
across the genome, within and between indica and japonica, and we obtained results that were
generally consistent with previous studies [4, 7, 11, 14]. Further bioinformatic analysis revealed
novel structural variation and variety-specific admixture patterns. Moreover, because whole genome sequencing (WGS) of inbred rice cultivars enables direct reconstruction of the alleles carried by each variety in nearly every gene, we were able to efficiently and accurately determine
and compare the variability within elite cultivars for hundreds of genes known to be related to
important agronomic traits [19]. We expect to use the SNPs identified in these genes for rapid
development of improved rice varieties for both Latin America and the United States.
In our experience with marker assisted selection (MAS), information of structural variation
has been critical to refine strategies for designing genetic markers that can be effectively used to
track desired alleles. Generic markers designed from variation on global germplasm can become ineffective for specific crosses if they overlap with presence/absence variation in parental
lines. Recent duplications can also confound the genotype calls obtained with generic markers.
Unfortunately, current reports of structural variation in rice have been limited to few varieties
and only a few mega base-pairs [7, 40]. Combining different algorithms for discovery of structural variants from WGS data, we comprehensively identified regions with subspecies-specific
structural variation as well as variety-specific events. Although the algorithms designed so far
for discovery of structural variants from WGS data are generally not as accurate as algorithms
for SNP discovery [28, 46], cross comparison of the variation discovered within samples sequenced at different facilities and at different average coverages allowed us to validate a large
percentage of the CNVs and large deletions identified by our pipeline and to determine the
minimum coverage and desired distribution for accurate discovery of structural variants. We
integrated this information into our pipeline for markers design to increase the genotyping success rate of the SNPs that we are currently designing for different MAS experiments.
Given the importance of high amylose content as a component to achieve the grain quality
required by Latin American and U.S. markets, we investigated the variability present in our sequenced germplasm within the gene GBSSI, which is known to be related to amylose content
[43]. Besides confirming the three SNP markers previously identified within this gene [44, 45]
we developed four novel SNP markers and we showed through genotyping of an independent
population that these markers can be used to track alleles conferring high levels of amylose
content in rice grains. These promising results encouraged us to follow the same general
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strategy to develop markers for other traits such as cold tolerance, resistance to blast and viruses, and yield components. We have currently designed close to 400 SNP markers for MAS,
achieving a genotyping success rate close to 95%. The availability of WGS data provides us the
marker density required to perform simultaneous tracking of alleles of different genes either
conferring different desired characteristics or with additive or epistatic effects for a single trait.
Moreover, WGS data on adapted elite lines enables the design of custom markers that ensure
keeping the genomic background of varieties with high yield. The variant density achieved
with WGS allows the design of flanking markers for each target gene which we can use to track
recombinations between donor and background haplotypes at very short distances from the
target genes, alleviating the potential effect of linkage drag during introgression of foreign alleles [20, 47]. We believe that both the analysis pipelines and the genomic variation described
in this manuscript will be of great use for other groups looking for genetic improvement of rice
and even for similar efforts in other crops.

Supporting Information
S1 Fig. SNP genotyping statistics. A) Number of SNPs obtained in non-repetitive regions (filter 1 in Table 1) for different minimum number of individuals genotyped. B) Percentage of
SNPs genotyped as a function of the average coverage obtained from reads aligned to the Nipponbare reference genome.
(TIF)
S2 Fig. MAF distributions. Distribution of allele frequencies for the SNPs found in non-repetitive regions (filter1 in Table 1) for the 104 varieties analyzed in this study (yellow bars) and for
selected subsets based on membership to the O. sativa species (green), or membership to the
two major subspecies within O. sativa, indica (red) and japonica (blue).
(TIF)
S3 Fig. Dendograms for O. sativa varieties. Neighbor joining dendograms for A) the 94 O.
sativa varieties, B) indica varieties, and C) japonica varieties.
(TIF)
S4 Fig. Population structure clustering of the O. sativa accessions. Clusters obtained with
the Structure software changing the number of allowed populations (k parameter) from 2 to 5.
(TIF)
S5 Fig. Private SNPs. Number of SNPs polymorphic only within one population for the seven
analyzed populations and for the following filtering strategies: 1) No filters 2) Remove SNPs
within identified repetitive regions in Nipponbare, 3) Remove singleton SNPs (e.g. with the
minor allele present in only one variety) and SNPs in regions in which at least three varieties
report copy number variation, and 4) Remove SNPs in which at least one variety reports copy
number variation, SNPs located less than 10 bp away from any other variant, and SNPs with
less than 80 individuals genotyped.
(TIF)
S6 Fig. LD-decay within O. sativa. Decay of linkage disequilibrium for all O. sativa samples,
indica samples and japonica samples.
(TIF)
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S7 Fig. Average genome-wide diversity. Distribution of windows with different average number of pairwise differences within indica, within japonica, between indica and japonica, and
global. The distribution within indica selective sweeps identified by [4] is also shown in yellow.
(TIF)
S8 Fig. Comparison between NGSEP and mrCaNaVaR. A) Average number of basepairs in
the Nipponbare reference with abnormal copy number variation predicted by NGSEP (blue),
and mrCaNaVaR (red) for the indica and japonica populations. B). Percentage of the genome
with abnormal copy number variation predicted by NGSEP also predicted by mrCaNaVaR.
(TIF)
S9 Fig. Variability within a gene related to lethality. SNPs identified within the gene
LOC_Os04g38950 in the 104 varieties analyzed in this study. Characteristic alleles of the temperate japonica haplotype are painted blue. Vertical dashed rectangles show the locations of
the three missense SNPs with high minor allele frequency within indica. Colors in the left
panel differentiate the following groups: O. rufipogon (RUF), aromatic (ARO), temperate japonica (TEJ), tropical japonica (TRJ), indica (IND), aus (AUS), O. nivara (NIV), and admixed
(ADM).
(TIF)
S1 Table. List of rice elite cultivars sequenced for this study. Database ids, names and relevance of the elite cultivars sequenced in this study. CIAT: International Center for Tropical Agriculture; LSU: Louisiana State University; YCGA: Yale Center for Genome Analysis; NCGR:
National Center for Genome Resources; USDA-ARS: United States Department of Agriculture
—Agricultural Research Service; IRRI: International Rice Research Institute. IRIS: International Rice Information System. GRIN: Germplasm Resources Information Network.
(XLS)
S2 Table. Analysis of WGS data. Mapping statistics, specific pipeline parameters and structural analysis performed for each analyzed variety.
(XLS)
S3 Table. Characteristic deletions within O. sativa. 100bp bins with characteristic deletions
comparing indica, temperate japonica and tropical japonica.
(XLS)
S4 Table. Characteristic duplications within O. sativa. 100bp bins with characteristic duplications comparing indica, temperate japonica and tropical japonica.
(XLS)
S5 Table. Genome-wide individual population assignments. Map of population assignments
for genomic stretches of 50 SNPs for the 104 varieties analyzed in this study.
(XLS)
S1 File. Nexus dendogram file for 104 varieties. Nexus file including bootstrap values and
branch lengths for the dendogram shown in Fig 1 including the 104 varieties analyzed in
this study.
(NEX)
S2 File. Nexus dendogram file for O. sativa varieties. Nexus file including bootstrap values
and branch lengths for the dendogram shown in S3 Fig. A including the O. sativa varieties analyzed in this study.
(NEX)
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S3 File. Nexus dendogram file for indica varieties. Nexus file including bootstrap values and
branch lengths for the dendogram shown in S3 Fig. B including the indica varieties analyzed in
this study.
(NEX)
S4 File. Nexus dendogram file for japonica varieties. Nexus file including bootstrap values
and branch lengths for the dendogram shown in S3 Fig. C including the japonica varieties analyzed in this study.
(NEX)

Acknowledgments
We wish to thank Steve Dellaporta and Maria Moreno for their contribution to the sequencing
of the CIAT elite varieties at the Yale Center for Genome Analysis (YCGA). We acknowledge
Rod Wing and Dario Copetti from The University of Arizona for sharing their annotation of
repeats in the Nipponbare reference genome.

Author Contributions
Conceived and designed the experiments: JO BS JT ET ML. Performed the experiments: CQ JO
BS AF YS AS. Analyzed the data: JD AS YS DFC CB AF. Contributed reagents/materials/analysis tools: JD AF. Wrote the paper: JD AS JO.

References
1.

Abe A, Kosugi S, Yoshida K, Natsume S, Takagi H, Kanzaki H, et al. Genome sequencing reveals agronomically important loci in rice using MutMap. Nat Biotechnol. 2012; 30(2):174–178. doi: 10.1038/nbt.
2095 PMID: 22267009

2.

He Z, Zhai W, Wen H, Tang T, Wang Y, Lu X, et al. Two Evolutionary Histories in the Genome of Rice:
the Roles of Domestication Genes. PLoS Genet. 2011; 7(6):e1002100. doi: 10.1371/journal.pgen.
1002100 PMID: 21695282

3.

Huang X, Wei X, Sang T, Zhao Q, Feng Q, Zhao Y, et al. Genome-wide association studies of 14 agronomic traits in rice landraces. Nat Genet. 2010; 42(11):961–967. doi: 10.1038/ng.695 PMID: 20972439

4.

Huang X, Kurata N, Wei X, Wang ZX, Wang A, Zhao Q, et al. A map of rice genome variation reveals
the origin of cultivated rice. Nature. 2012; 490(7421):497–501. doi: 10.1038/nature11532 PMID:
23034647

5.

Arai-Kichise Y, Shiwa Y, Ebana K, Shibata-Hatta M, Yoshikawa H, Yano M, et al. Genome-Wide DNA
Polymorphisms in Seven Rice Cultivars of Temperate and Tropical Japonica Groups. PLoS One. 2014;
9(1):e86312. doi: 10.1371/journal.pone.0086312 PMID: 24466017

6.

Lyu J, Zhang S, Dong Y, He W, Zhang J, Deng X, et al. Analysis of elite variety tag SNPs reveals an important allele in upland rice. Nat Commun. 2013; 4:2138. doi: 10.1038/ncomms3138 PMID: 23828614

7.

Xu X, Liu X, Ge S, Jensen JD, Hu F, Li X, et al. Resequencing 50 accessions of cultivated and wild rice
yields markers for identifying agronomically important genes. Nat Biotechnol. 2012; 30(1):105–111.
doi: 10.1038/nbt.2050

8.

Yang Cc, Kawahara Y, Mizuno H, Wu J, Matsumoto T, Itoh T. Independent Domestication of Asian
Rice Followed by Gene Flow from japonica to indica. Mol Biol Evol. 2012; 29(5):1471–1479. doi: 10.
1093/molbev/msr315 PMID: 22319137

9.

The 3000 rice genomes project. The 3,000 rice genomes project. GigaScience. 2014; 3:7. doi: 10.1186/
2047-217X-3-7 PMID: 24872877

10.

Famoso AN, Zhao K, Clark RT, Tung CW, Wright MH, Bustamante C, et al. Genetic Architecture of Aluminum Tolerance in Rice (Oryza sativa) Determined through Genome-Wide Association Analysis and
QTL Mapping. PLoS Genet. 2011; 7(8):e1002221. doi: 10.1371/journal.pgen.1002221 PMID:
21829395

11.

McNally KL, Childs KL, Bohnert R, Davidson RM, Zhao K, Ulat VJ, et al. Genomewide SNP variation reveals relationships among landraces and modern varieties of rice. Proc Natl Acad Sci USA. 2009; 106
(30):12273–12278. doi: 10.1073/pnas.0900992106 PMID: 19597147

PLOS ONE | DOI:10.1371/journal.pone.0124617 April 29, 2015

18 / 20

WGS of Rice Cultivars as a Resource for Marker Assisted Selection

12.

Norton GJ, Douglas A, Lahner B, Yakubova E, Guerinot ML, Pinson SRM, et al. Genome Wide Association Mapping of Grain Arsenic, Copper, Molybdenum and Zinc in Rice (Oryza sativa L.) Grown at Four
International Field Sites. PLoS One. 2014; 9(2):e89685. doi: 10.1371/journal.pone.0089685 PMID:
24586963

13.

Zhao K, Wright M, Kimball J, Eizenga G, McClung A, Kovach M, et al. Genomic Diversity and Introgression in O. sativa Reveal the Impact of Domestication and Breeding on the Rice Genome. PLoS One.
2010; 5(5):e10780. doi: 10.1371/journal.pone.0010780 PMID: 20520727

14.

Zhao K, Tung CW, Eizenga GC, Wright MH, Ali ML, Price AH, et al. Genome-wide association mapping
reveals a rich genetic architecture of complex traits in Oryza sativa. Nat Commun. 2011; 2:467. doi: 10.
1038/ncomms1467 PMID: 21915109

15.

Huang P, Molina J, Flowers JM, Rubinstein S, Jackson SA, Purugganan MD, et al. Phylogeography of
Asian wild rice, Oryza rufipogon: a genome-wide view. Mol Ecol. 2012; 21(18):4593–4604. doi: 10.
1111/j.1365-294X.2012.05625.x PMID: 22646149

16.

Xie X, Molina J, Hernandez R, Reynolds A, Boyko AR, Bustamante CD, et al. Levels and Patterns of
Nucleotide Variation in Domestication QTL Regions on Rice Chromosome 3 Suggest Lineage-Specific
Selection. PLoS One. 2011; 6(6):e20670. doi: 10.1371/journal.pone.0020670 PMID: 21674010

17.

Caicedo AL, Williamson SH, Hernandez RD, Boyko A, Fledel-Alon A, York TL, et al. Genome-Wide Patterns of Nucleotide Polymorphism in Domesticated Rice. PLoS Genet. 2007; 3(9):1745–1756. doi: 10.
1371/journal.pgen.0030163 PMID: 17907810

18.

Molina J, Sikora M, Garud N, Flowers JM, Rubinstein S, Reynolds A, et al. Molecular evidence for a single evolutionary origin of domesticated rice. Proc Natl Acad Sci USA. 2011; 108(20):8351–8356. doi:
10.1073/pnas.1104686108 PMID: 21536870

19.

Yamamoto E, Yonemaru Ji, Yamamoto T, Yano M. OGRO: The Overview of functionally characterized
Genes in Rice online database. Rice. 2012; 5(1):26. doi: 10.1186/1939-8433-5-26

20.

Varshney RK, Terauchi R, McCouch SR. Harvesting the Promising Fruits of Genomics: Applying Genome Sequencing Technologies to Crop Breeding. PLoS Biol. 2014; 12(6):e1001883. doi: 10.1371/
journal.pbio.1001883 PMID: 24914810

21.

Shure M, Wessler S, Fedoroff N. Molecular identification and isolation of the Waxy locus in maize. Cell.
1983; 35(1):225–233. doi: 10.1016/0092-8674(83)90225-8 PMID: 6313224

22.

Silva J, Scheffler B, Sanabria Y, De Guzman C, Galam D, Farmer A, et al. Identification of candidate
genes in rice for resistance to sheath blight disease by whole genome sequencing. Theor Appl Genet.
2012; 124(1):63–74. doi: 10.1007/s00122-011-1687-4 PMID: 21901547

23.

Goff SA, Vaughn M, McKay S, Lyons E, Stapleton AE, Gessler D, et al. The iPlant collaborative: cyberinfrastructure for plant biology. Front Plant Sci. 2011; 2:34. doi: 10.3389/fpls.2011.00034 PMID:
22645531

24.

Lappalainen I, Lopez J, Skipper L, Hefferon T, Spalding JD, Garner J, et al. dbVar and DGVa: public archives for genomic structural variation. Nucleic Acids Res. 2013; 41:D936–D941. doi: 10.1093/nar/
gks1213 PMID: 23193291

25.

Monaco MK, Stein J, Naithani S, Wei S, Dharmawardhana P, Kumari S, et al. Gramene 2013: comparative plant genomics resources. Nucleic Acids Res. 2014; 42:D1193–D1199. doi: 10.1093/nar/gkt1110
PMID: 24217918

26.

Sakai H, Lee SS, Tanaka T, Numa H, Kim J, Kawahara Y, et al. Rice Annotation Project Database
(RAP-DB): An Integrative and Interactive Database for Rice Genomics. Plant Cell Physiol. 2013; 54(2):
e6. doi: 10.1093/pcp/pcs183 PMID: 23299411

27.

Kawahara Y, de la Bastide M, Hamilton JP, Kanamori H, McCombie WR, Ouyang S, et al. Improvement
of the Oryza sativa Nipponbare reference genome using next generation sequence and optical map
data. Rice. 2013; 6:4. doi: 10.1186/1939-8433-6-4 PMID: 24280374

28.

Duitama J, Quintero JC, Cruz DF, Quintero C, Hubmann G, Foulquie-Moreno MR, et al. An integrated
framework for discovery and genotyping of genomic variants from high-throughput sequencing experiments. Nucleic Acids Res. 2014; 42(6):e44. doi: 10.1093/nar/gkt1381 PMID: 24413664

29.

Langmead B, Salzberg SL. Fast gapped-read alignment with Bowtie 2. Nat Methods. 2012; 9(4):357–
359. doi: 10.1038/nmeth.1923 PMID: 22388286

30.

Milne I, Shaw P, Stephen G, Bayer M, Cardie L, Thomas WTB, et al. Flapjack-graphical genotype visualization. Bioinformatics. 2010; 26(24):3133–3134. doi: 10.1093/bioinformatics/btq580 PMID:
20956241

31.

Alkan C, Kidd JM, Marques-Bonet T, Aksay G, Antonacci F, Hormozdiari F, et al. Personalized copy
number and segmental duplication maps using next-generation sequencing. Nat Genet. 2009;
41:1061–1067. doi: 10.1038/ng.437 PMID: 19718026

PLOS ONE | DOI:10.1371/journal.pone.0124617 April 29, 2015

19 / 20

WGS of Rice Cultivars as a Resource for Marker Assisted Selection

32.

Huson DH, Bryant D. Application of Phylogenetic Networks in Evolutionary Studies. Mol Biol Evol.
2006; 23(2):254–267. doi: 10.1093/molbev/msj030 PMID: 16221896

33.

Falush D, Stephens M, Pritchard JK. Inference of Population Structure Using Multilocus Genotype
Data: Linked Loci and Correlated Allele Frequencies. Genetics. 2003; 164(4):1567–1587. PMID:
12930761

34.

Krzywinski M, Schein J, Birol I, Connors J, Gascoyne R, Horsman D, et al. Circos: An information aesthetic for comparative genomics. Genome Res. 2009; 19(9):1639–1645. doi: 10.1101/gr.092759.109
PMID: 19541911

35.

Purcell S, Neale B, Todd-Brown K, Thomas L, Ferreira MAR, Bender D, et al. PLINK: A Tool Set for
Whole-Genome Association and Population-Based Linkage Analyses. Am J Hum Genet. 2007; 81
(3):559–575. doi: 10.1086/519795 PMID: 17701901

36.

Christiaens JF, Van Mulders SE, Duitama J, Brown CA, Ghequire MG, De Meester L, et al. Functional
divergence of gene duplicates through ectopic recombination. EMBO Rep. 2012; 13(12):1145–1151.
doi: 10.1038/embor.2012.157 PMID: 23070367

37.

Delwiche SR, Bean MM, Miller RE, Webb BD, Williams PC. Apparent amylose content of milled rice by
near-infrared reflectance spectrophotometry. Cereal Chem. 1995; 72(2):182–187.

38.

Bonferroni CE. Teoria statistica delle classi e calcolo delle probabilita. Pubblicazioni del R Istituto
Superiore di Scienze Economiche e Commerciali di Firenze. 1936; 8:3–62.

39.

Jacquemin J, Chaparro C, Laudié M, Berger A, Gavory F, Goicoechea JL, et al. Long-Range and Targeted Ectopic Recombination between the Two Homeologous Chromosomes 11 and 12 in Oryza Species. Mol Biol Evol. 2011; 28(11):3139–3150. doi: 10.1093/molbev/msr144 PMID: 21616911

40.

Yu P, Wang CH, Xu Q, Feng Y, Yuan XP, Yu HY, et al. Genome-wide copy number variations in Oryza
sativa L. BMC Genomics. 2013; 14:649. doi: 10.1186/1471-2164-14-649 PMID: 24059626

41.

Yamamoto E, Takashi T, Morinaka Y, Lin S, Wu J, Matsumoto T, et al. Gain of deleterious function
causes an autoimmune response and Bateson-Dobzhansky-Muller incompatibility in rice. Mol Genet
Genomics. 2010; 283(4):305–315. doi: 10.1007/s00438-010-0514-y PMID: 20140455

42.

Sazuka T, Kamiya N, Nishimura T, Ohmae K, Sato Y, Imamura K, et al. A rice tryptophan deficient
dwarf mutant, tdd1, contains a reduced level of indole acetic acid and develops abnormal flowers and
organless embryos. Plant J. 2009; 60(2):227–241. doi: 10.1111/j.1365-313X.2009.03952.x PMID:
19682283

43.

Dobo M, Ayres N, Walker G, Park WD. Polymorphism in the GBSS gene affects amylose content in US
and European rice germplasm. J Cereal Sci. 2010; 52(3):450–456. doi: 10.1016/j.jcs.2010.07.010

44.

Ayres NM, McClung AM, Larkin PD, Bligh HFJ, Jones CA, Park WD. Microsatellites and single-nucleotide polymorphism differentiate apparent amylose classes in an extended pedigree of US rice germ
plasm. Theor Appl Genet. 1997; 94:773–781. doi: 10.1007/s001220050477

45.

Larkin PD, Park WD. Association of waxy gene single nucleotide polymorphisms with starch characteristics in rice (Oryza sativa L.). Molecular Breeding. 2003; 12(4):335–339. doi: 10.1023/B:MOLB.
0000006797.51786.92

46.

Duan J, Zhang JG, Deng HW, Wang YP. Comparative Studies of Copy Number Variation Detection
Methods for Next-Generation Sequencing Technologies. PLoS One. 2013; 8(3):e59128. doi: 10.1371/
journal.pone.0059128 PMID: 23527109

47.

Fukuoka S, Saka N, Koga H, Ono K, Shimizu T, Ebana K, et al. Loss of Function of a Proline-Containing
Protein Confers Durable Disease Resistance in Rice. Science. 2009; 325(5943):998–1001. doi: 10.
1126/science.1175550 PMID: 19696351

PLOS ONE | DOI:10.1371/journal.pone.0124617 April 29, 2015

20 / 20

